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Application of RSSM to Real World Image Prediction
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Most of the conventional RSSM research has used series images on a simulator as training data. Examples of
training based on real-world videos include DayDreamer’s XArm task, but they assume a fixed target. In this
study, we evaluate the performance of RSSM-based models in handling real-world objects with periodic behavior
when the length of the period is changed. The task is to learn how to catch a toy fish with its mouth open on a
periodically rotating disk using a simple arm that moves in the vertical direction. The model is designed to predict
the position of a fish captured by a camera using RSSM, and to reward the user for catching the fish.
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